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ANOMALY AND OTHER STOCK MARKET ANOMALIES

JANUNTS M. A. (Switzerland, Neuchatel )

If the dispersion of analysts’ earnings per sh&eS) forecasts is a proxy
for risk then one would expect that stocks withhieigforecast dispersion earn
higher future returs However, recent evidence indicates that forecast
dispersion is negatively associated with futureimret. For example, Diether,
Malloy and Scherbina (2002), examining the U.S.itgqmarket during the
1983-2000 period, provides empirical evidence #tatks with lower forecast
dispersion earn higher future retutndanunts (2008a) shows evidence that the
dispersion-return link exists even on a longer tpeeod - from 1983 to 2007.
In another recent study, Janunts (2008b) providesaserful demonstration that
this link is robust across different measures gpedision (e.g., the range, the
standard deviation of forecasts scaled by price).

Existing literature, however, have narrowly focusea the relation-ship
between stock returns and forecast dispersion,sangrisingly little research
exists to explore whether the dispersion anomatgleged to other well-known
financial anomalies. | contribute to the literaturg studying this question.
Specifically, | investigate the connection with etsgrowth (Cooper, Gulen and
Schill (2008)), accruals quality (Fran-cis, LaFo@dsson and Schipper (2005)),
abnormal capital investments (Titman, Wei and X2004)), and equity
issuance (Loughran and Ritter (1995)) anomalies. drfalysis does not provide
any discernible link between dispersion anomaly ahd other market
anomalies previously documented in the literature.

The sample period studied ranges from February 1883ecember 2007,
and my sample merges several datasets. Earningsaiis are from the
Institutional Brokers Estimate System (I/B/E/S) Ul$nadju-sted Summary
Statistics file. Returns are drawn from the Ceriter Research in Security
Prices (CRSP) monthly stock file. Firm accountiragadfrom the Compustat
Industrial Annual file. Janunts (2008a) details

! Unless otherwise stated, forecast is the earningsipare (EPS) forecast. Also, throughout
the paper | will interchangeably use “forecast disgion” and “dispersion” to refer the disper-
sion of analysts’ EPS forecasts.

2 This literature is large; other studies include 8adnd Scherbina (2007), Johnson (2004),
Baik and Park (2003), just to mention a few.
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the sample selection process and presents the syrsitasistics of the sample
which is used also in the current study.

Dispersion is defined as the standard deviatiorawhings forecasts scaled
by the absolute value of the mean earnings forecdisthe mean earnings
forecast is zero, then the stock is assigned tchithleest dispersion category.
Portfolios are selected as follows. Each monthgkst@re equally assigned into
quintiles based on the forecast dispersion of tegipus month. Stocks with the
lowest forecast dispersion are placed into quiritjland those with the highest
forecast dispersion are in quintile 5. | then perfdwo-way sorting on the
anomaly variable of interest (e.g., accruals gylafind dispersion. The purpose
of this two-way sorting is to hold one anomaly aate constant and to
investigate the impact of the other. This clasatfn results in 25 portfolios,
each of which contains approximately the same nurmbetocks. Stocks are
held for one month. | calculate the monthly portfaleturns as the equally-
weighted average of returns of all the stocks jowfolio.

Stock market anomalies are patterns in averagd gtbces, usually related
to firm characteristics, not explained by the CAPMe disper-sion anomaly is
another new anomaly. Several authors have addréssegliestion whether the
dispersion anomaly may be explained by other wedivkn financial anomalies
(e.g., Diether et al. (2002) and Chen and Jiambgl@04)). | continue this line
of research to compare forecast dispersion witkrodimomalies, not examined
in the forecast dispersion literature.

A. Accruals Quality - Accruals quality (AQ) is a widely used measufe o
information risk. For instance, in a recent infliahpaper, Francis et al. (2005)
find that poorer AQ is associated with larger cadtslebt and equity, so they
conclude that AQ is priced. In contrast, Core, Gaiagt Verdi (2008) argue that
AQ is not priced after carefully conducting sevesabet-pricing tests. While
much research has focussed on the link betweeAGhand stock returns, little
has been done on the link between AQ and forecegtedion. Hence,
motivated by the idea that reporting choices aftmth forecast dispersion and
the AQ, my tests here examine the AQ-dispersiok. lirancis et al. (2005)
details how to measure the AQ. Mean and mediaregsatfi AQ are 0.085 and
0.067, respectively; all the values of AQ are ie tange of 0.005 and 0.871
(not reported here). One of the few papers studitiegrelationship between
AQ and forecast dispersion is Cohen (2003). Basedegression analysis he
provides empirical evidence that firms with highatity financial reporting
policies have lower forecast dispersion and higher
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analyst following. | go beyond this observation amdw in Panel A of Table |
the previous fiscal year end AQ for each portfoli@onsistent with Cohen
(2003), the second column shows that high dispeifsims have indeed poorer
accruals quality than low dispersion stocks. Tlagative relationship holds for
all size groups. The largest AQ difference betwken and high-dispersion
firms however is observed for the firms in S2 gigentile and equals highly
significant -0.032 with a t-stat of -12.62. | alsonfirm the well documented
fact (e.g., Table 4 in Francis et al. (2005)) thatruals quality positively
correlates with the size of the firm; large firmsvh lower standard deviations
of residuals than small firms, the difference bedr@R6 with a t-stat of 7.97.
Panel B presents the average equally-weighted ghortfeturns for the
restricted sample. Although the spread between land high-dispersion
portfolio returns is insignificant for all stockis,is still significant for the firms

in the smallest size group.

Tablel: Mean Portfolio Returnsand Accruals Quality (AQ)

Using in-sample breakpoints each month stocks guelly sorted in five groups based on the
level of market capitalization of the previous nforfor AQ of the previous fiscal year end).
Stocks in each size (AQ) group are then sorted fivi additional groups based on forecast
dispersion of the previous month. Dispersion isnaef as the ratio of the standard deviation of
analysts’ current-fiscal-year annual earnings pares forecasts to the absolute value of the mean
forecast, as reported in the I/B/E/S Summary Hisfibey Stocks with a mean forecast of zero are
assigned to the highest dispersion group, and stttk a price less than or equal 5 dollars are
excluded from the sample. Stocks are held for ooetm The time period considered is February
1983 through December 2006. The table reports M&arand mean monthly equally-weighted
portfolio returns; t-statistics are adjusted fotomorrelation.

Panel A: Mean Accruals Quality (AQ)

Size Quintiles
Dispersion All Small Large
QuFi)ntiIes Stocks  S1 S2 S3 S4 sgs S1-85  (S1-S9)
All Stocks 0.085 0.100 0.092 0.082 0.076 0.074 .02 7.97
D1 0.075 0.091 0.07v9 0.075 0.067 0.070 0.020 £7.38
D2 0.076 0.093 0.083 0.072 0.070 0.068 0.025 ¥6.20
D3 0.082 0.098 0.090 0.076 0.073 0.072 0.026 8.91
D4 0.093 0.106 0.099 0.088 0.082 0.078 0.028 B8.43
D5 0.102 0.115 0.111 0.097 0.088 0.084 0.031 %.28
D1-D5 -0.027 -0.024 -0.032 -0.021 -0.020 -0.014
t(D1-D5) -9.36¢ -11.0Z7 -12.672 -49F -470 -1.65

Panel B: Mean Equally-Weighted Returns by Size and Disparsio
Size Quintiles

Dispersion All Small Large

Qul?ntiles Stocks  S1 S2 S3 S4 sgs S1-S5  1(S1-S9)

All Stocks 1.14 1.15 1.23 1.12 1.17 1.05 0.10 0.45
D1 1.32 1.52 1.43 1.30 1.24 1.25 0.27 1.05
D2 1.15 1.30 1.42 1.07 1.26 1.04 0.26 0.96

D3 1.15 1.21 1.18 1.01 1.08 0.74 0.47 1.74
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D4 1.14 0.97 1.20 1.18 1.14 115 -0.18 -0.66
D5 0.95 0.69 0.92 1.06 1.14 1.09 -0.40 -1.32
D1-D5 0.37 0.83 0.51 0.24 0.11 0.17
t(D1-D5) 1.56 295 1.83 0.88 0.41 0.69
Panel C: Mean Equally-Weighted Returns by AQ and Dispersion
AQ Quintiles
Dispersion All Small Large AQ1-
Ouintiles Stocks AQL AQ2 AQ3 AQ4 AQgs A%S HAQL-AQS)
All Stocks 1.14 1.17 1.24 1.10 1.14 1.07 0.10 0.41
D1 1.32 1.21 1.35 1.43 1.27 131 -0.10 -0.46
D2 1.15 1.16 1.33 1.13 1.11 0.90 0.26 0.84
D3 1.15 1.23 1.14 1.01 1.25 1.28 -0.05 -0.16
D4 1.14 1.01 1.26 1.04 1.11 127 -0.26 -0.73
D5 0.95 1.22 111 0.92 0.98 0.59 0.63 1.95
D1-D5 0.37 -0.01 024 0.51 0.29 0.72
t(D1-D5) 156 -0.04 093 2060 099 24%

abgtatistically significant at the one and five percievels, respectively.

Further, to explore whether AQ subsumes the priedigiower of dispersion
on future stock returns, | sort firms first by A@nable and then by forecast
dispersion. More precisely, each month | use inpdamQ breakpoints of the
previous fiscal year end to assign stocks into ainfive AQ quintiles. Stocks
with the lowest standard deviation of the residaaésplaced into AQ1 quintile,
and those with the highest standard deviation ef risiduals are in AQ5
quintile. Note that larger standard deviation dfideals is interpreted as lower
earnings quality. Stocks in each AQ quintile aentihanked into five additional
quintiles based on the forecast dispersion of theipus month. This sorting on
average gives 30 stocks in each of the 25 pordfplnd the results, illustrated
in Panel C, still produce a strong negative retatietween contemporaneous
dispersion and future stock returns. For exampe fifms in AQ5 group the
difference of average monthly equally-weighted metuof D1-D5 strategy
equals significant 0.72% (t-stat=2.41). | obtaimitr outcome for the AQ3
group. Hence, it does not appear that AQ explanes guzzling dispersion-
returns relation.

B. Capital Investment Growth - Several papers document the negative
relation between investment and average returrtmahi et al. (2004) find a
similar relation in the cross section and interpiet evidence as investors
under-reacting to overinvestment. More specifigalhey show that firms that
increase their level of abnormal capital investn{€i} the most tend to achieve
lower  stock returns for five  subsequent years. Heré
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study whether the effect of high forecast disperdioms is different from the
effect of Cl documented by Titman et al. (2004)mi&ir to them | define
abnormal capital investment in yegras follows,

|- CE,
Y CE,, +CE, +CE,
3

where CE, is the firm's capital expenditures (Compustat #12éled by its

total assets in year’yFirms with high CI are interpreted as high invest
Restricting the sample to the firms that have sidfit data in Compustat
Industrial annual file to compute the CI variabteguces 993 eligible firms per
month. The distribution characteristics of the @tiable are reported in Panel
A of Table Il. It is revealed that small firms irstemore than large firms - the
average difference is 0.11% with a t-stat of 7N6étice that the largest firms
disinvest, e.g., firms in the largest size quindiiginvest with a rate of -0.022%.
Not reported here, it is also interesting to ndbig fow investment firms have
high forecast dispersion than high investment firms

Tablell: Mean Portfolio Returns and Capital I nvestment (CI)

Using in-sample breakpoints each month stocks@atedin five groups based on the level of
market capitalization of the previous month (or €thee previous fiscal year end). Stocks in each
size (Cl) group are then sorted into five additiogedups based on forecast dispersion of the
previous month. Dispersion is defined as the rafithe standard deviation of analysts’ current-
fiscal-year annual earnings per share forecasthdoabsolute value of the mean forecast, as
reported in the I/B/E/S Summary History file. Stoekith a mean forecast of zero are assigned to
the highest dispersion group, and stocks with eeplgéss than or equal 5 dollars are excluded
from the sample. Stocks are held for one month. fithe period considered is February 1983
through December 2006. The table reports mean Chaah monthly equally-weighted portfolio
returns; t-statistics are adjusted for autocoriabat

Panel A: Mean Capital Investment (Cl)
Size Quintiles
Dispersio  a|| Small Large
N~ Stocks  s1 S2 S3 S4 S5
All Stocks  0.030 0.088 0.060 0.019 0.005 -0.022 0.110 %7.16
D1 0.029 0.108 0.053 0.042 0.011 -0.015 0.123 %8.09
D2 0.019 0.080 0.045 0.024 0.007 -0.030 0.110 B.75
D3 0.022 0.083 0.046 0.014 -0.002 -0.027 0.109 8.25
D4 0.035 0.093 0.060 0.000 0.012 -0.017 0.111 B.75

D5 0.048 0.073 0.097 0.016 -0.002 -0.022 0.095 #.99

S1-S5  t(S1-S5)

3 Using sales as the deflator, as done in Titmanl.e(2904), does not significantly change
the results.

Lpuwiptip 3-10
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D1-D5 -0.019 0.035 -0.045 0.026 0.012 0.007
t(D1-D5) -1.86 219 222 177 0.61 0.73
Panel B: Mean Equally-Weighted Returns by Size and Disparsio
Size Quintiles

Dispersio Al Small Large
N~ Stocks  s1 s2 s3 S4 g5 OUSS US1SH

All Stocks  1.19 1.21 1.29 1.24 1.14 1.09 0.12 0.55
D1 1.39 1.70 1.51 1.50 1.22 131 0.40 151
D2 1.26 1.44 1.42 1.21 1.11 1.06 0.37 1.38
D3 1.22 1.30 1.19 1.13 1.13 0.87 0.44 1.55
D4 1.14 1.00 1.33 1.35 1.14 1.22 -0.22 -0.83
DS 0.94 0.53 0.98 1.05 1.10 1.00 -0.47 -1.60

D1-D5 0.44 1.17 0.53 0.45 0.12 0.31
t(D1-D5) 1.83 4.6% 1.87 1.60 0.46 1.23
Panel C: Mean Equally-Weighted Returns by CI and Dispersion

ClI Quintiles

Dlsp:]ersm Sf(;l::ks Small Large Cl-CI5 t(Cl1-

N Cl1 CI2 CI3 Cl4 CI5 CI5)

All Stocks  1.19 1.26 1.24 1.22 1.20 1.06 0.21 1.86
D1 1.39 1.45 1.46 1.42 1.24 1.38 0.07 0.46
D2 1.26 1.28 1.15 1.25 1.29 1.28 0.00 0.00
D3 1.22 1.50 1.27 1.23 1.27 1.01 0.49 242
D4 1.14 1.23 1.14 1.12 1.23 1.08 0.15 0.81
D5 0.94 0.85 1.19 1.08 0.93 0.54 0.31 1.42

D1-D5  0.44 0.60 0.27 0.34 0.31 0.84

t(D1-D5) 1.83 2.26 0.98 1.32 1.21 2.93

abgtatistically significant at the one and five percievels, respectively.

Panel B presents the average equally-weightedgbortieturns for this

sample. The D1-D5 strategy for the smallest sizatdgi earns 1.17 % monthly
average return (t-stat=4.61). To investigate whe@leunderperformance can
explain the underperformance of dispersion, | makerther two-way cut on CI
and dispersion. More precisely, | form five Cl gosubased on the ClI level of
the previous fiscal year end, and then stocks ah & group are sorted into
five portfolios based on the level of forecast digon of the previous month.
On average this sort produces 40 stocks in eacthef25 Cl/Dispersion
portfolios. First, | note that the results of thést, presented in Panel C, are
consistent with Titman et al. (2004) showing tha spread return of low ClI
and high Cl amounts significant 0.21% monthly retwith a t-stat of 1.86. |
also observe that the difference between low- aigth ispersion portfolio
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returns is still significantly different from zerat conventional levels. More
specifically, the average D1-D5 returns for CI1 &18 group amounts highly
significant 0.6%, t-stat = 2.26 and 0.84%, t-sté?.93, respectively. Thus, my
analysis does not suggest that the Cl variableucagpthe dispersion effect.

C. Asset Growth - Motivated by the work of Cooper et al. (2008)et
candidate here to explain the dispersion effedhés total asset growth rate
(AG). Exploring the predictive power of AG for stoceturns, they find that it
is the most important predictor of the future alomalr returns, and interpret
their evidence as investor overreaction. Firms \itih AG outperformed firms
with high AG by an astounding 20% equally-weightadnual retur.
Following Cooper et al., the AG rate is estimatedtee yearly growth rate in

total assets (COMPUSTAT #6), i.e. in fiscal yead gn AG, is measured as
follows,

Limiting the sample to the stocks that have enodgta in the Compustat
Industrial Annual file to compute asset growth rgields on average 1,183
sample stocks per month. Panel A of Table Il shddved small capitalization
stocks grow faster than large capitalization.

Tablelll: Mean Portfolio Returnsand Asset Growth (AG)

Using in sample breakpoints each month stocksatedsin five groups based on the level of
market capitalization of the previous month endAGr of the previous fiscal year end). Stocks in
each size (AG) group are then sorted into five timthl groups based on forecast dispersion of
the previous month. Dispersion is defined as th® raf the standard deviation of analysts’
current-fiscal-year annual earnings per share &stscto the absolute value of the mean forecast,
as reported in the I/B/E/S Summary History file.ck®with a mean forecast of zero are assigned
to the highest dispersion group, and stocks wighiee less than or equal 5 dollars are excluded
from the sample. Stocks are held for one month. fithe period considered is February 1983
through December 2006. The table reports mean AG raean monthly equally-weighted
portfolio returns; t-statistics are adjusted fotomorrelation.

Panel A: Mean Asset Growth (G)

Size Quintile
Dispersio  All Smal Large
F; Stocks  S1 Sz Sz S4 SEg S1-S5 1(S1-S5)
All Stocks  0.3C 0.3¢ 0.3¢ 0.32 0.2¢ 0.1¢€ 0.22 7.62
D1 0.2¢ 0.4z 0.4C 0.31 0.2¢ 0.1¢ 0.2¢ 14.1¢
D2 0.29 0.41 0.40 0.32 0.23 0.16 0.25 18.42
D3 0.31 0.41 0.38 0.34 0.25 0.16 0.24 13.85
D4 0.32 0.37 0.37 0.31 0.24 0.19 0.18 8.32

A survey conducted by McKinsey (2007) also revémsdorporates themselves knew that
they weren't great at capital discipline. The surgayd "17 percent of the capital invested by
their companies went toward underperforming investriteat should be terminated and that 16
percent of their investments were a mistake to Fiaaeced in the first place" (pg. 7).
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D5 0.31 0.33 0.35 0.30 0.23 0.23 0.10 2.84
D1-D5 -0.03 0.10 0.06 0.01 0.00 -0.08
t(D1-D5) -1.27 6.01 2.4¢ 0.57 0.20 -1.85
Panel B: Mean Equall-Weighted Returns | Size and Dispersic
Size Quintile
Dispersio  All Smal Large
n Stocks  S1 Sz st Y SE S1-S5 US1-S5)
All Stocks  1.1% 1.0¢€ 1.17 1.22 1.0¢€ 1.0¢ -0.02 -0.11
D1 1.3€ 1.57 1.4t 1.52 1.14 1.3C 0.27 0.97
D2 1.23 1.30 1.41 1.25 1.18 1.02 0.28 0.99
D3 1.22 1.05 1.12 1.14 1.07 0.94 0.11 0.43
D4 0.99 0.78 1.04 1.25 1.14 1.19 -0.41 -1.45
D5 0.79 0.47 0.76 1.01 0.92 1.00 -0.53 -1.83
D1-D5 0.57 1.10 0.70 0.51 0.22 0.30
t(D1-D5) 2.39 458 2.59 1.80 0.82 1.19
Pandl C: Mean Equall-Weighted Returns by AG and Dispers
AG Quintiles
Dispersio  All Smal Large t(AG1-
n Stocks AG1l AG2 AG3 AG4 AG5 AGL-AGS AGb5)
All Stocks  1.12 1.3t 1.32 1.32 1.1< 0.51 0.8t 3.6(°
D1 1.3¢ 1.3¢ 1.5¢€ 1.45 1.32 0.8¢ 0.5¢ 1.94
D2 1.23 1.47 1.35 1.36 1.25 0.84 0.63 503
D3 1.22 1.28 1.39 1.46 1.08 0.60 0.68 520
D4 0.99 1.35 1.30 1.34 1.18 0.20 1.15 422
D5 0.79 1.30 0.97 0.97 0.88 -0.07 1.37 5.28
D1-D5 0.57 0.10 0.59 0.49 0.43 0.93
t(D1-D5) 2.3 0.32 2.46 214 1.63 3.57

abgtatistically significant at the one and five percievels, respectively.

stocks. In non-tabulated results, | also obsemegative relation between asset
growth rate and forecast dispersion. The mean @ngdisset growth rate over
the sample period is 0.3% (0.11%) per yeRurther, Panel B shows that D1-
D5 strategy earns highly significant return for #gpually-weighted portfolios.
More specifically, the average difference betweew-land high-dispersion
portfolio monthly returns equals 0.57% (6.84% atimad) with a t-stat of 2.39.
Although the average monthly return differentialtvibeen low- and high-
dispersion portfolios declines as the averageiszeases, it stays significant at
conventional levels for the stocks in the two hithenarket capitalization
quintiles. To study whether the AG variable canlaixpthe anomalous link
between forecast dispersion and stock returns, |Ranfeirther provides the
results for a two-way cut on AG and dispersion ohalgsts’

® This statistic slightly differs from what Cooper &t(@008) report due to the different time
periods considered.
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forecasts. This sort provides 47 stocks in eachhef25 portfolios. First, |
confirm Cooper et al. (2008)’s finding that low esgrowth firms outperform
high asset growth firms. In particular, the strgtémng in low AG firms and

short in high AG firms earns annual 10% return vatir-stat of 3.6. | further
note that except for the lowest AG group, D1-D5 alguweighted portfolio

returns significantly differ from zero. The mességan this test is that AG rate
does not either subsume dispersion-return anomaly.

In face of the vast evidence that dispersion haspttwer to predict future
stock returns, it is natural to ask what is thersewf this predictability. This
paper examines if the dispersion-return link isramed to other well-known
financial anomalies. Several authors have addrasseduestion by examining
the properties of high- and low- dispersion firnas determine whether the
dispersion anomaly may be accounted for by otheéabi®s whose economic
role is understood. My analysis suggests that thgative relation between
forecast dispersion and stock returns can be exquaneither by the previously
documented size, accruals quality, asset growtld eapital investment
underperformance. The unreported tests show tealiipersion-return relation
is also not driven by the effect of new issues @loan and Ritter (1995)).
More research is needed to understand what doedotieeast dispersion
measure that has predictive power on stock returns.
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COOTHOIIIEHUE [TPOTHO3UPYEMBIX AHOMAJIUH
JVICITEPCHUH 1 JPYTHX ®OHIOBBIX BUPX

IDKAHYHIL M. A. (Illseiinjapus, r. Hemraren)
Pesiome

PaccmarpriBaemsprii BOmpoc fABJIfAETCS NpeIMETOM IIMPOKOH IIOJIeMH-KH.
Pap ncciemoBaTesell ycMaTpuBaeT HETaTUBHYIO CBA3h MEXAY aHOMAaTHAMU
nucnepcun u GOHAOBBIX 60pc. Jlpyras >ke 4acTh CHEIUaJINCTOB CIUTAET 3Ty
CBsI3b IIOJIOXKUTENbHOM. Pa3pemrenue sToil mpo6eMbl BO3MOXHO JHUIIb B
pe3yabTaTe SMIIMPHUYECKOTO HCCIeJOBAaHUA.



